2411.04994v2 [cs.CY] 7 Feb 2025

arXiv

Legacy Procurement Practices Shape How U.S. Cities Govern Al:

Understanding Government Employees’ Practices, Challenges, and Needs

NARI JOHNSON, Carnegie Mellon University, USA

ELISE SILVA, University of Pittsburgh Institute for Cyber Law, Policy, and Security, USA
HARRISON LEON, Carnegie Mellon University, USA

MOTAHHARE ESLAMI, Carnegie Mellon University, USA

BETH SCHWANKE, University of Pittsburgh Institute for Cyber Law, Policy, and Security, USA
RAVIT DOTAN, TechBetter, USA

HODA HEIDARI, Carnegie Mellon University, USA

Most Al tools adopted by governments are not developed internally, but instead are acquired from third-party vendors in a process
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shape critical decisions surrounding public sector Al. We conduct semi-structured interviews with 19 city employees who oversee Al
procurement across 7 U.S. cities. We found that cities’ legacy procurement practices, which are shaped by decades-old laws and norms,
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1 Introduction

Motivated by promises of increased efficiency, governments are increasingly adopting Al to automate bureaucratic
workflows and assist decision-making processes that impact residents [27, 42, 62, 66, 70, 94, 116]. Often, such public
sector Al applications are not developed in house, but are purchased from external vendors through a process called
public procurement [72, 87, 107]. In a 2023 statement, U.S. Senator Gary Peters shared that over half of the Al tools used
by federal agencies were purchased from commercial vendors [86]. Experts estimate that this number is even higher
at lower levels of government, such as state and local governments which are less likely to have internal expertise to
develop AI [101]. Thus, most public sector Al systems in use today are developed by and acquired from private vendors.

A growing number of academic and advocacy efforts have pointed out how procured Al systems have predominantly
targeted narrowly defined notions of efficiency or performance, resulting in adverse effects that disproportionately
impact marginalized communities [42, 53, 99, 109]. Facial recognition technologies, for example, have faced sustained

criticism due to concerns about civil liberties, racial biases, and privacy violations [2, 54, 117]. Despite these concerns,
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in 2022, a U.S. government watchdog revealed over 20 federal contracts with private companies that either specialized
in facial recognition or had awards related to its use, with a total budget exceeding $7 million [97].

While such incidents have exposed flaws in individual systems, they highlight deeper issues in how Al is acquired,
used, and governed in the public sector. The Al procurement process encompasses decisions of which Al tools to ask
for, adopt or reject, and the manner in which they are developed and deployed: decisions of critical importance for
communities susceptible to Al harms. Scholars, civil society, and community advocates have pointed out how these
procurement decisions not only influence Al performance and risks, but also play a significant role in shaping broader
governance practices and ethical standards by which Al operates in the public sector [55, 79, 95, 101, 107].

The past few years have marked an explosion of attention directed towards imagining how Al procurement might be
reformed to prepare governments to anticipate Al harms [8, 30, 55, 79, 96, 101]. However, there is a lack of empirical
research to understand how Al procurement actually occurs in practice. Past scholarship has established that AI must be
acquired using legacy procurement practices that apply widely to all goods and services, including pencils, school buses,
and Al [79, 94, 101, 107]. Yet, little is known about what exactly these practices entail, how they vary across localities,
and whether governments have made any changes to their practices when assessing Al specifically. Furthermore,
important information about governments’ Al procurement practices is not always publicly available [52, 96].

Our Contributions. In this paper, we conduct a formative empirical study to understand U.S. cities’ current
procurement practices for AL Through semi-structured interviews with 19 local government employees in roles that
involve technology governance or procurement, we pull back the curtain to show how cities’ existing purchasing
practices apply to AL. We draw from employees’ learnings from past technology procurements to identify key challenges
government employees face in anticipating and addressing harms caused by procured Al systems. We organize our

findings and their implications for the FAccT community in two sections:

e In Section 4, we offer an empirical account of how Al procurement occurs on-the-ground. We illustrate how
legacy purchasing practices that differ across cities shape how Al is governed by establishing important
infrastructure (like solicitations and contracts), determining who within a city has power over different types of
Al acquisitions, and influencing the socio-technical values by which Alis assessed. By detailing the organizational
factors that influence how procurement occurs, we show how cities’ purchasing practices both enable and
preclude cities’ ability to address Al harms: for instance, historic norms such as cost thresholds [38] allow
employees to acquire low- or no-cost Al without going through the accountability measures typically associated
with government purchasing. We also highlight emerging steps some cities have taken to incorporate Al-specific
criteria and ethical considerations into their Al procurement processes.

o In Section 5, we outline three key challenges that still remain to be addressed by cities’ existing (and emerging)
practices. We argue that more work is urgently needed to (1) address information asymmetries between
governments and vendors, (2) support cities in asking more of Al vendors, and (3) support cities in sharing and
assuming ongoing responsibilities of Al governance. We discuss implications and opportunities for the FAccT

community to support public sector workers in anticipating and mitigating harms caused by procured AL

2 Related Work
2.1 Al in the Public Sector

Governments’ increased adoption of data-driven technologies has transformed work in the public sector [13, 41, 66, 70,

75, 110]. While many technologies marketed as “artificial intelligence” today bear resemblance to historical data mining
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technologies of the 1990s (e.g., to detect fraud [41, 70]), recent years have marked a rapid increase in the number and
popularity of Al tools that employ machine learning [41, 70, 79, 101]. Governments’ use cases for Al as taxonomized by
[41], range from law enforcement and adjudication, such as supporting criminal sentencing [46, 89], to applications that
support government service delivery, such as chatbots to facilitate communication with residents [69, 91]. Like private
sector workers, government employees are increasingly adopting general-purpose productivity tools like ChatGPT
[26, 35, 80] to do the “street-level” work of governance [13], e.g., to adjudicate child welfare cases [84, 112], thus further
blurring the lines between AI’s articulated scope and ultimate application.

Scholars and activists have documented the harms resulting from public sector Al systems, with the recognition that
historically oppressed communities are disproportionately subject to Al-assisted punishment [42, 71, 90, 109]. Public
sector algorithms have faced criticism for algorithmic bias (e.g., in the case of predictive policing [16, 57]), validity
(e.g., in the case of child welfare risk assessments [32, 48]), and functionality (e.g., in the case of facial identification
mismatches [56]). To this end, a growing body of empirical scholarship has studied government employees’ practices,
desires, and concerns surrounding governments’ use of Al systems [23, 25, 64, 68, 102, 109, 114, 121]. Much research
has focused on the perspectives of frontline workers (e.g., social workers [64]) who consume Al outputs. Studies have
characterized how Al systems’ “misalignment” with policy objectives and workers’ ethical values can result in harms to
marginalized communities [64, 100, 109], highlighting implications for technology design. Other past work illuminates
the organizational factors that facilitate critical decisions about Al adoption and governance [62, 64, 65, 89, 114], realizing
that governments “should not be treated as monolithic entities” [62], and that workers at varying levels of institutional
power often hold varying perspectives about the appropriateness and ethical implications of Al tools.

Despite this growth in research, governments’ procurement processes remain empirically under-explored as a stage
that can impact how Al is adopted and governed in the public sector. In the following section, we describe how scholars,

civil society, and activists envision public procurement as both a site of opportunity and concern for Al governance.

2.2 Governing Al through Public Procurement

The term “public procurement” generally refers to the processes governments use to bring in goods and services that
are developed externally [72, 87, 107], often involving paid transactions with third-party organizations.! In this work,
our core focus is on studying public procurement practices in the United States, particularly for local (city) governments.
Public administration scholars have characterized how procurement laws, organizational structures, and activities vary
between levels of government and localities [29, 38, 72].

A growing coalition of policymakers, scholars, and civil society groups have called on governments to implement
Al-specific procurement guidelines [1, 30, 55, 96, 101]. Governments must be prepared, scholars argue [36, 79, 101], to
interrogate the value-laden trade-offs embedded by design decisions such as the vendor’s choice of training dataset,
optimization function, and predictive target. In response, several groups have explored how to embed these and other
ethical considerations within cities’ existing procurement processes [8, 96, 101, 103]. These efforts have produced
practical guidance and readily adoptable resources for government employees, such as guidelines, tools, vendor
repositories, and templates to guide Al procurement practices (e.g., [3, 22, 30, 37, 88, 96, 101]). However, there is very
little work that examines whether and how these tools help government employees in practice.

Many Al procurement reform initiatives draw from a long history of governments adapting their purchasing

practices to enact social change [49, 76, 101], e.g., by creating processes that prioritize minority-owned businesses

'We note that as described by past work [87], there is no single precise agreed-upon definition for what it meant by the term “public procurement” —
rather, the definition is “muddled” and varies across contexts. See Appendix A for a more detailed discussion of definitions.
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[76], enable public oversight over government surveillance [33, 119], or incentivize other ethical behaviors, such as
sustainability [73, 113]. These initiatives call attention to the purchasing power governments hold “not as regulators,
but as participants” in a free market [76]. Drawing from this tradition, scholars point to the “gatekeeping role" of
public procurement in deciding which Al systems are (and are not) purchased [30, 55, 83, 107]. The ultimate hope
expressed is that governments’ interactions with vendors can “change markets” [3]: that governments can exercise
their purchasing power to advocate for Al vendors to prioritize social values such as fairness, accountability, and
transparency [103]. Given this potential role of procurement in Al governance, there have been a small number of
research efforts that have uncovered challenges faced by Al procurement practitioners in Kenya and Uganda [83] and
the US federal government [15], such as knowledge gaps in public sector workers’ understanding of Al risks or an
absence of “clearly defined standards” for Al governance. However, what remains less known is the current practices
that governments follow when acquiring Al e.g., the assessment criteria governments apply, how purchasing decisions
are made, and who holds the power to make them.

This paper contributes to these ongoing discussions by illuminating the organizational realities in which Al procure-
ment occurs. We provide an empirical account of the emerging actions that U.S. local governments have taken to revise
their Al procurement processes on the ground. Given this context, in Section 5 we revisit several critical challenges
surfaced by past scholarship, such as knowledge gaps in government employees’ preparedness to anticipate Al harms
[41, 83, 120], governments’ lack of leverage with Al vendors [55, 62], and uncertainty about how to share and delegate
responsibilities of Al governance [11, 50]. We ground our analysis using examples of real-world procurements to reflect

on both the progress cities have made and obstacles that remain to be overcome.

3 Methodology

To understand the organizational processes that shape how cities govern Al, we focus on the perspectives of municipal
employees. We conducted semi-structured interviews over six months from December 2023 to June 2024. Our research
coincided with a landmark year of government action on Al procurement, including the release and adoption of the U.S.
“Al M-Memo” [4, 106], which instituted governance requirements for federal agencies’ use of AIZ, and the formation of
the Government Al Coalition [9, 40, 98], a grassroots coalition founded to “give local governments a voice in shaping
the future of AI”. As a result, our study took place at a moment when governments across the U.S. were just beginning
to stand up and implement new governance processes for procured AL

Recruitment. Our recruitment process aimed to capture a diverse set of employees’ perspectives on the Al procurement
process, across multiple cities. Many cities required employees to complete a formal approval process to participate
in research, so we organized our recruitment efforts by city. Once we received approval, we used snowball sampling
to ask our initial contacts within a city to introduce us to other employees whose present role was involved with
technology procurement or governance. As shown in Table 1, most participants worked in technology-focused roles in
their city’s IT or Innovation departments. We also spoke with specialists in vendor relations and procurement, and one
HR specialist who had conducted organizational training on Al Participants included both leaders who made decisions
on behalf of their department, and workers whose day-to-day responsibilities involved managing Al procurement.

We began the study by reaching out to contacts in our professional networks in four U.S. cities, who introduced us
to contacts in three additional cities. From the contacts we were given, we intentionally invited cities that represented a

wide range of regions and maturity surrounding Al (e.g., whether or not they had adopted any public-facing Al policies).

2The Biden AI M-Memo has since been revoked by the new administration [81].
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ID | Pseudonym Department City Size Title

P1 Charles Innovation Medium Chief Data Officer

P2 Mari Information Technology Large Senior IT Manager

P3 Jennifer Information Technology Large Privacy Program Manager

P4 Emma Information Technology Small IT Business Relationship Manager
P5 Kai Information Technology Large Privacy Specialist

P6 Michael Information Technology Small Director of IT

P7 Eric Information Technology Large Chief Privacy Officer

P8 Liz Management & Budget | Medium Sourcing Specialist

P9 Paul Innovation Medium Innovation Specialist

P10 Hana Information Technology Large IT Analyst

P11 Andrea Information Technology | Medium Chief Technology Officer

P12 Kathryn Human Resources Small Talent & Culture Program Manager
P13 Rebecca Information Technology | Medium Chief Data & Analytics Officer
P14 Olivia Management & Budget Large Director of Procurement

P15 Ryan Information Technology Large Chief Technology Officer

P16 Adrian Innovation Large IT Policy Director

P17 Steven Information Technology Large Vendor Manager

P18 Hugo Innovation Large Chief Information Officer

P19 Liam Innovation Medium Senior IT Manager

Table 1. An anonymous description of participating municipal employees. Titles were modified to preserve anonymity. Small cities
have under 200,000 residents, medium cities have 200,000 - 500,000 residents, and large cities have over 500,000 residents.
Although this approach has limitations, we learned that establishing trust through shared connections was important
for government employees to feel comfortable speaking openly with academic researchers. For example, one participant
shared that their department was hesitant to participate in research studies led by someone they were unfamiliar with.
We invited eight total cities to participate, and seven agreed. Participating cities represented all four major regions
(Northeast, West, Midwest, and South) defined by the U.S. Census Bureau [7].

Semi-structured interviews. Following Veale et al. [114], we adopted a semi-structured interview approach to allow
for flexibility in discussions. This allowed participants to spend more time discussing the phases of the procurement
process that were closest to their role and expertise. The interviews ranged from 60 to 90 minutes and our protocol
included three sections. First, we asked participants about their current role and work responsibilities relating to Al
We defined “Al” for participants using the OECD definition of “any machine-based system that can make predictions,
recommendations, or decisions” [44], and provided examples of qualifying systems. Second, we asked participants to
walk through how an example procurement involving AI would occur in their city, paying particular attention to any
differences between a standard technology procurement. Third, we asked participants to reflect more deeply on their
perceived challenges, needs, and desires to improve the Al procurement process. We expressed to participants that we
were interested in understanding potential risks or societal impacts of the Al systems they procured, but did not steer
participants towards discussing particular types of impacts, as we aimed to understand how participants conceptualized
risk and harm in their own words. The study was approved by a university IRB. We include our complete interview
protocol in Appendix D and discuss ethics and participant safety considerations in Section 7.1.

Data analysis. We collected 23 hours of interview audio which were transcribed and coded by four team members.
We adopted a bottom-up thematic analysis approach [21] to analyze interview transcripts. Each transcript was first
open-coded by two authors, who met to discuss each transcript and resolve any differences in interpretation [77]. In
total, we created 305 unique codes, such as “proprietariness” or “indemnification from AI harms”. We then grouped these

codes into themes corresponding to cities’ purchasing practices, such as “alternative procurement pathways” and “AIl
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risk assessments”, and challenges faced by employees such as “lack of leverage with Al vendors”. We also complemented
our interview findings by conducting a document analysis [61] of cities’ written Al policies or procurement materials,
such as solicitation or contracting templates that were referenced in interviews. When selecting our final set of themes,
we aimed to emphasize findings that contributed new insights to the existing literature on Al and procurement.
Limitations. We acknowledge several methodological limitations of our study. Our reliance on snowball sampling
skewed our sample of participating cities towards large cities, whose practices and needs likely do not represent the
majority of local governments in the U.S. While our focus on U.S. cities allowed us to draw productive comparisons
across jurisdictions, we believe that understanding how procurement differs across countries and levels of government
is a critical direction for future work. Finally, our decision to focus on city employees neglects the perspectives of other
important stakeholders such as Al vendors, impacted communities, and other members of the public. We hope that our

research can lay empirical foundations that can inform this future work.

4 Legacy Purchasing Practices Shape How Cities Govern Al

In what follows, we shine a light on the processes that municipal employees currently use to procure Al, on-the-ground.
We learned that all seven interviewed cities had already started to use procured Al technologies designed for a wide
set of users and goals, for example, to facilitate resident communication, increase workplace productivity, aid law
enforcement, and assist bureaucratic decision-making3. Notably, five out of seven cities we interviewed did not have
the capacity to develop their own Al solutions internally, affirming our hypothesis that local governments rely heavily
(and in many cases, entirely) on third-party Al systems.

Throughout interviews, employees repeatedly emphasized that Al must go through all existing legacy procurement
processes, which are shaped by a complex web of hard policy (e.g., laws and regulations) and soft policy (e.g., guidelines,
practices, organizational culture). We illustrate how these legacy practices shape how cities govern Al in three ways: (1)
by structuring critical decision-making, (2) determining who within a city has power to shape procurement outcomes,
and (3) shaping the socio-technical values by which Al is assessed. We conclude by summarizing the steps that some

interviewed cities have taken to adapt their legacy purchasing practices for AL

4.1 Public procurement structures critical decisions about Al

When asked what procurement entailed, employees often described the highly structured processes their city took to
award and oversee contracts with vendors. Consistent with public administration scholarship [34, 45, 51], employees
tended to follow a six-step process (Figure 1) for acquisitions that involved a competitive solicitation. However, not all
steps occurred in every city. While some cities required employees to introduce legislation in front of City Council to
approve every procurement contract, presenting an opportunity for public oversight [94], other cities did not need
to introduce legislation for a purchase to be made.* For each step, cities applied highly standardized processes when
purchasing AL Standardization, employees explained, was important to “increase efficiency” of the procurement process
and prevent government corruption [10, 85]. Analyzing cities’ standardized processes reveals the implicit assumptions
they carry, and how existing processes both facilitate and constrain cities’ capacity to address Al harms.

Throughout interviews, we learned how cities’ solicitation processes determined if, and how, the societal impacts
of Al factored into vendor selection. One common type of solicitation is a Request for Proposal (RFP), a structured

process where a government outlines their needs, expectations, and desired outcomes. Interested vendors then submit

3In Appendix B, we describe each of these use cases in further detail and provide example real-world Al solutions mentioned by participants.
4See Duchicela et al. [38] for a more detailed review of how City Council oversight processes vary across local governments.
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Fig. 1. Six common steps that occurred in cities’ public procurement processes. While purchases that went through a full solicitation
(e.g., an RFP) proceeded linearly through these steps, as shown by the long blue arrow, Al acquired via alternative purchasing pathways
such as cooperative purchasing agreements ("piggyback contracts") or under cost thresholds (e.g., using purchasing cards) skipped
past several steps, illustrated by the short blue arrows. In our paper, we discuss meaningful differences across cities’ processes. For
example, not all cities had a legislation step, and some cities still required all acquisitions to go through contract negotiation. As such,
this figure serves as an illustrative example of how Al procurement occurs in many (but not all) U.S. cities.

detailed proposals that comprehensively address these requirements. After the solicitation has closed, cities review
vendors’ proposals to select a winner. Liz, a procurement specialist, walked through her city’s RFP evaluation process
by sharing her screen as she navigated her city’s procurement management software for a past IT procurement: “So all
the evaluators will show up here”, Liz said, pointing to a list of ten city employees. “And when they go in, they score
each vendor based on multiple criteria” such as "Qualifications of the project team", "Project plan", and others, assigning a
score of 1 to 15. Once evaluators individually had assigned scores for every single proposal, they met as a committee to
discuss the scores and select their “top three candidates to reach out and set up a live demonstration”.

After a vendor is selected, the city and the vendor create a contract that specifies legally enforceable obligations for
both parties. At minimum, contracts specify an agreed price for the city to pay over a specified time period, raising
concerns of vendor "lock-in" [19] where cities are hesitant to break existing contracts. Steven, a procurement specialist,
discussed his experiences negotiating “indemnification” clauses with Al vendors, which spelled out how parties would
compensate each other for damages, e.g., “Will the vendor cover [the city] if we get sued for bias?” Some contracts
exactly spelled out the support Al vendors would provide cities: in one egregious example, a city that was struggling to
reach a vendor learned that according to the contract, they were only allowed up to five phone calls of support.

Rather than write each contract from scratch, often both the city and the vendor relied on "standard agreement"
templates written by lawyers. Vendor’s standard agreement templates written for government customers included
detailed terms-of-service [43] for the technology and the support services the company would provide. All interviewed
cities had created their own standard agreement templates for IT procurements to “protect the interests of the city” by
laying out clear expectations of vendors, e.g., that the vendor must comply with minimum data security standards, or
provide the city ownership over any data collected from the engagement.

Uncovering cities’ standardized processes reveals how critical decisions about Al are currently structured, and how
efforts to mitigate algorithmic harms might be operationalized within existing processes, e.g., via solicitation questions,

scorecards, and contract terms. However, a critical examination of these practices surfaces how they might limit cities’
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ability to effectively address Al harms. For example, FAccT scholars have documented the limitations of relying on
highly structured methods (e.g., compliance "checklists" [74, 118] that are highly similar to RFP requirements) to assess
the societal implications of Al Similarly, FAccT research has highlighted the difficulty of anticipating algorithmic harms
before deployment [20, 78, 104, 105], arguing that the socially situated nature of harms arising from lived experiences
mandates their assessment "from the ground up” [78]. However, cities were required to negotiate and sign contracts
with Al vendors before they could access (and deploy) Al systems behind vendor paywalls. Contracts were often
not renegotiated, and indeed, several interviewed employees [P2, P4, P17] regretted how they negotiated a particular
contract only after algorithmic harms surfaced post-deployment. Thus, procurement contracts codified both cities’

continued financial obligations to vendors, and vendors’ (lack of) obligations to redress algorithmic harms.

4.2 Public procurement determines who has visibility, oversight, and decision-making power over Al

Cities’ legacy procurement practices often specified accompanying roles, responsibilities, and lines of communication for
employees. Many cities conceived of procurement as a highly collaborative activity involving not only the purchasing
customer, but also specialists from a wide variety of departments: procurement specialists to assist with solicitations, legal
specialists to help with contracting, and IT specialists to provide expert review. Different employees who participated
in an Al procurement had different vantage points and objectives depending on their roles. However, not all of these
specialists were involved, or even aware of, every acquisition. Differences in cities’ established purchasing processes
shaped who within the city had visibility, oversight, and decision-making power over procured Al

While all cities had designated IT staff whose responsibilities included providing support on technology procurements,
cities’ procurement processes differed in how they allocated decision-making power. Some cities established IT reviews
as mandatory approval gateways, but other cities positioned IT reviews as optional consulting. For example, because
Adrian’s city historically granted individual departments (e.g., the police, public schools) “a lot of autonomy in how
they operate”, city employees in these departments were not required to consult IT before making their own technology
purchases. In contrast, Jennifer’s city mandated that all city employees, regardless of department, must “open a ticket”
to initiate an IT review before buying new software.

Another key factor that determined the actors involved in an Al procurement was the purchasing pathway used to
make the acquisition. In Figure 1, we describe the six steps that occur for procurements that go through a full solicitation.
However, our interviews indicate that Al procurement often does not take this classic route, sometimes skipping
competitive solicitation or contract negotiation entirely. Instead, employees leveraged a variety of alternative procurement
pathways to purchase Al In many cities, acquisitions that occurred through these alternative procurement pathways
“didn’t have to go through a procurement [department]”, and thus fell outside the scope of existing accountability
measures for government purchasing. Due to broader shifts in the Al landscape, namely the availability of low- and
no-cost Al tools, many Al acquisitions did not involve a competitive solicitation because they were under specified cost
thresholds [38] that would require going to solicitation. Local policies specified that municipal employees could make
purchases under a certain dollar amount (which varied city-to-city) at their own discretion, using a government-issued
purchasing card. Cost threshold policies, procurement director Olivia explained, were established to “triage risk, by
defining the [riskiest projects] based on dollar value”. Types of Al tools that fell under cost thresholds included free
online services like ChatGPT, services with paid subscription models, or Al donated through academic collaborations,

foundations, or from for-profit companies®.

SFor instance, Palantir, a for-profit company, donated its predictive policing technology as a “philanthropic gift” to be used by the City of New Orleans,
free of charge [108].
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The governance processes applicable to procurements under cost thresholds varied significantly from city to city.
Adrian, an IT leader, reflected on how technology acquisitions under cost thresholds were particularly difficult for their
department to even be aware of until after they were already purchased: “[For purchases] below $x0,000, there’s few
oversight of regulatory mechanisms to control, or even have visibility of what departments do,” they explained. “It’s not
routed through a centralized control mechanism.” As a result, individual employees could purchase and deploy free
and low-cost Al tools (e.g., with prices under $x00 per month) at their own discretion, without notifying others in the
city. In contrast, Mari’s city still routed "anything involving a company or vendor" through a centralized procurement
review: “Even if it’s an in kind donation, it is still tied to a scope-of-work and a contract.

Cities’ varying governance processes for different types of Al procurements had significant impacts on individual
employees’ ability to advocate for their desired outcomes: for instance, refusing to proceed with procuring an Al system
due to concerns about its potential harms. In some cities, employees who were tasked with doing AI governance work

often lacked basic visibility into the Al their colleagues were using due to these legacy purchasing norms.

4.3 Public procurement shapes the socio-technical values of Al assessment

In conversations, we found significant differences in the socio-technical values that shaped cities’ approaches to
assessing Al systems. These values, we found, were rooted in cities’ existing public procurement norms and established
technology review processes.

Public procurement norms, particularly cost-effectiveness, played an important role in how employees assessed Al
proposals. “When we make decisions, we think about how we’re stewards of residents’ tax money, explained Emma,
an IT procurement specialist. Indeed, cost was central factor that influenced employees’ Al purchasing decisions.
Employees shared many anecdotes where they ultimately decide not to procure an Al system because it was too
expensive [P4, P6, P8, P14]. While some employees like Hugo expressed enthusiasm about the increased availability
of low-cost consumer Al tools (such as a generative Al pilot that only cost Hugo’s city $5), others expressed concern
over the “extractive capabilities” and hidden costs of free Al tools. Adrian recalled an incident where an employee
used a transcription Al tool that did not have “a consensual model for data collection”. Although the transcription
tool was free, its use could result in “divulging resident information” or “more secure” government business, data that
the vendor could use to improve its models. Adrian’s story highlights a tension between the long-standing norm of
cost-effectiveness and the new reality of unique risks posed by low- and no-cost AL

Beyond cost, employees also applied criteria from their established IT review processes when purchasing Al
Understanding these IT criteria is important because in many cities, IT review processes were the only applicable
governance processes for procured Al IT personnel were responsible for assessing review criteria that varied across
cities, often operationalized as "technical” or "functional" requirements in RFPs. Common review criteria included the
software’s security (e.g., to data breach attacks), usability, ease of set-up, and compatibility with the city’s existing
technology stack. In conversations, we found that these common criteria for software procurements were insufficient
to anticipate Al harms. For instance, basic considerations of system functionality [93], validity [32], or train-test
distribution shift [92] were not typically asked during a traditional software procurement, where systems are often
assumed to be “programmed correctly” to achieve specified goals.

One significant difference between cities’ IT review processes was the degree to which they prioritized values such
as data privacy and protection from government surveillance. Although these considerations were never mentioned
in most employees’ descriptions of their review criteria, participants in a small number of cities called them out as

organizational priorities. Understanding these priorities, we learned, was critical to understanding how cities procured
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Al For example, cities with established privacy programs often tasked privacy personnel to work on Al-focused
initiatives, and adapted existing privacy governance infrastructure to include Al-specific considerations. Similarly, cities
with surveillance ordinances had already established governance processes such as community oversight mechanisms
for qualifying Al technologies [119]. Organizational values also shaped the way employees conceptualized AI’s benefits
and risks: Kai shared that it was the "privacy lens" adopted by her organization that led her to ask vendors questions
about training dataset curation and consent. In contrast, employees in cities without surveillance or privacy policies
spoke considerably more positively about Al-powered “smart city” [116] or policing technologies. Thus, cities’ (lack
of) existing privacy or surveillance policies played a critical role in determining what risks were considered, what

mitigations were requested, and what technologies were ultimately purchased and deployed.

4.4 Emerging practices: New actions cities have taken to govern Al

Three interviewed cities had already implemented specific changes to their existing procurement practices for Al, and
several other city leaders shared their future plans to change their practices. City employees felt that it was "early
days" in revising their Al governance processes: for example, employees were in the midst of overseeing their first Al
solicitation, conducting their first Al risk assessments, and revising their Al governance processes more broadly. With
this rapidly evolving landscape in mind, we highlight important changes that cities have made so far.

Intervening within existing procurement processes. The most common action considered by cities was to modify their
existing contract and solicitation templates to include additional items for Al-related procurements. Cities instituted
additional reporting requirements for Al systems in their technology RFPs, adopting language from the GovAl Coalition’s
Al FactSheet [5] of questions for vendors. The factsheet asks vendors to report “essential technical details” such as on
what data the Al was trained, under what conditions the system was tested, the values of relevant performance metrics,
and steps that vendors have taken to promote values of fairness, robustness, and explainability. Cities also adapted their
contracting practices by developing additional contract language specific to Al procurements. Many employees adopted
language from GovAI's Vendor Agreement [6], a “plug-and-play legal addendum” of requirements for vendors, e.g., to
develop an Al incident response plan, remediate Al incidents, and provide governments with a means to monitor and
audit Al performance. Most interviewed cities did not plan to adopt GovAI’s resource templates as-is, but instead chose
to “selectively adopt” the items that felt most important to their city.

Cities’ legacy purchasing practices shaped how applicable these procurement interventions were to different Al
systems. For instance, Al acquired under cost thresholds did not go through a competitive solicitation or contract
negotiation, leading the cities to accept vendors’ terms-of-use as is. Similarly, Al acquired by “piggybacking” by adopting
an existing contract between the vendor and another government [67] often did not involve re-negotiation to include
additional terms. As a result, these interventions did not apply to the many Al solutions acquired through these other
pathways. In recognition of the limitations of relying exclusively on existing procurement infrastructure for solicitations
and contracting, several employees decided to organize their AI governance efforts around a separate "Al review".

Establishing an Al review process. Three interviewed cities established an internal Al review process overseen by
IT employees, that occurred outside of the formal review processes of procurement (e.g., scorecards). When a city
employee wanted to acquire an Al solution, they initiated an Al review by contacting these IT specialists directly, e.g.,
by filling out a form or “opening a ticket”. IT employees or committees trained to assess Al systems then reviewed the
employees’ request. Al reviews often involved conducting risk assessments to help city employees understand potential
positive and negative impacts of the system. Employees used pre-acquisition risk assessments to shape subsequent

conversations with Al vendors, for instance, by requesting specific risk mitigation steps to be implemented in the Al
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system’s design. Some cities used risk assessments to institute additional governance steps for “high-risk” systems,
such as instituting internal usage protocols, public reporting requirements, and regular post-deployment monitoring.
We discuss governments’ emerging Al risk assessment practices in detail in Appendix C.

Separating Al reviews from cities’ formal procurement processes had several benefits, such as improving process
efficiency so that employees could contact expert Al reviewers directly. Cities could require Al reviews for acquisitions
that would not typically be reviewed by their city’s procurement departments, such as free or low-cost Al tools. However,
employees’ efforts to operationalize and socialize new Al reviews in practice often relied heavily on existing procurement
infrastructure. For instance, Hana’s city implemented their Al review within their city’s online procurement system
that had existed for years. This centralized procurement system, Hana explained, “allows us to be pretty confident that
if there is some kind of Al system, we’re going to catch it, because it’s going through this procurement process”. But
this level of centralization was uncommon across other interviewed cities, where IT employees only became involved
once a formal solicitation was initiated. Thus, the feasibility and implementation of cities’ Al reviews was still heavily

influenced by their legacy procurement practices.

5 Three Key Challenges at the Heart of Al Procurement Reform

Although some employees pointed us to success stories where their purchasing processes enabled them to walk away
from red flags or negotiate for mitigations, we found that cities’ present Al procurement practices often fell short of
their ambition to protect the public from risks and harms of Al In what follows, we reflect on three challenges that often
motivate, but are not adequately addressed by existing Al procurement reform efforts. While considerable progress has
been made, we believe that more work is urgently needed to (1) address information asymmetries between governments
and vendors, (2) support cities in asking more of Al vendors, and (3) support cities in sharing and assuming ongoing
responsibilities of Al governance. Under each challenge, we identify opportunities for how the FAccT community might

contribute towards addressing local governments’ needs for support.

5.1 Information asymmetry and (un)preparedness for Al

While some employees expressed confidence in their organization’s preparedness to govern procured Al, many
employees, particularly in smaller cities, felt behind. Employees of cities that had not yet introduced Al standards into
their procurement processes were often uncertain of “what questions to ask” Al vendors. One procurement specialist
reflected on how her unfamiliarity with AT made her feel: “I don’t really know what the risks are to working with AL If
I can’t protect us from those risks comfortably, then I'm not doing my job”

This information asymmetry, defined by [17] as a phenomena “where one business party possesses more information
than the other party they are dealing with”, resulted in procurements where important questions of system functionality,
training data provenance, or other societal impacts were never raised. Sales representatives, who held significant sway
in educating governments about Al use cases through pitch-like demos, shaped cities’ narratives about procured Al
technologies’ potential benefits and harms. We learned from several anecdotes that Al vendors did not report basic
information about Al systems unless asked. For instance, one participant shared that their team did not consider risks
posed by hallucinations (providing incorrect information) in a recent procurement of an Al chatbot service, and that
risks due to inaccuracy were “not part of the conversation” they had with the vendor.

Employees shared a variety of methods they used to increase their organization’s Al literacy and preparedness,
such as recruiting employees with Al expertise, resource sharing efforts (e.g., through GovAl), and participating

in intergovernmental Al task forces [39] or grassroots peer networks. Some employees began collaborations with



12 Johnson et al.

academic researchers, for example, to evaluate a pilot of a generative Al productivity tool. Finally, some cities hired paid
consultants (e.g., from Gartner) to provide strategic advising (e.g., conduct market research) on Al Employees in smaller
cities were less likely to be aware of existing resources or peer networks to learn about Al, and felt overwhelmed by the
broader information ecosystem of “hype cycles” surrounding emerging generative Al technologies.

While existing resources and standardization efforts helped cities identify questions to ask of vendors, employees
repeatedly struggled to understand what to do with the information that vendors provided in response. Jennifer, a
privacy specialist, shared how her department was uncertain about how to interpret the performance metrics reported
by vendors: “We ask some sort of question: what is your R-squared value? How do we know if [what is reported] is
good? Someone needs to be able to have the technical acumen to say what is acceptable here in terms of accuracy,
error rates, thresholds” While employees like Jennifer, Eric, and Paul expressed a similar desire for clear guidance and
thresholds, existing Al procurement reform initiatives intentionally left these decisions to the discretion of individual
cities, who could determine their own organizational risk tolerance. However, even cities that knew what to ask still
struggled to individually assess and make decisions based on information reported by vendors.

Recommendations for future work. Although much progress has been made in developing resources to support
governments’ Al procurement practices, our findings reveal that there is still an urgent need for government education
and support. Misconceptions surrounding Al capabilities, often perpetuated by Al vendors, resulted in power imbalances
where cities’” existing review criteria for software proved insufficient to anticipate AI harms. We believe that the FAccT
community has a critical role to play in doing this translation work. Our conversations revealed a number of avenues
through which members of the public can influence Al policymaking, such as by collaborating on research [110], joining
peer networks such as the GovAl Coalition [8], or even simply reaching out to one’s own government to understand
their AI governance practices and needs for support. Following interviews, our research team curated and shared
educational resources that we hoped would address employees’ open questions about Al These conversations, we
learned, were often a precipitating event that led interviewed cities to join Al-focused peer networks, revise their
procurement practices, and even establish new ethical Al governance policies. The FAccT conference can explore models
to build community and develop trust-based relationships across scholars, community advocates, and government
employees, e.g., following models such as the Public Tech Leadership Collaborative [12].

Future research should also explore tools and processes to help governments assess information provided about
AT systems, to make decisions about what to purchase. Our conversations surfaced several obstacles to measuring
pre-acquisition performance. A lack of standardized benchmark datasets for public sector use cases meant that vendors
reported metrics using their own proprietary datasets, making comparison across vendors difficult. More broadly,
participants expressed a desire for vendors’ Al systems to be vetted for them, for instance, through a third-party
certification program [28, 31]. Future efforts can aim to provide domain-specific guidance on what measures should
be reported, develop standardized benchmarks, and explore the possibility of third-party certification, with a critical
recognition of where the narrow framing of performance measurement might fail to capture the ethical implications of
Al adoption [47, 59, 78]. We join past calls [55, 62, 78, 119] for more empirical research that examines how members
of the public (e.g., impacted communities and their advocates) can have a “meaningful opportunity to respond and, if

necessary, dispute the use of a particular Al system” before acquisition occurs [94].

5.2 Cities lack leverage in relationships with Al vendors

Several employees from cities with new Al governance measures described positive experiences with "good vendors"

who were transparent and responsive. For instance, an Al vendor’s openness to disclose system limitations in their
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autonomous drone technology helped a city refine its usage policies to avoid its deployment in low-accuracy environ-
ments. Despite these successes, we heard many more stories of uncooperative Al vendors that failed to provide basic
information about their Al system, amend their contracting terms, or implement mitigations requested by the city.
Interviewed employees repeatedly felt that they lacked leverage in advocating on behalf of their city.

Al vendors frequently withheld critical information about their Al systems from governments, hindering employees’
ability to assess risks. Vendors often invoked intellectual property claims to deny basic requests, such as responding
to AI RFP items or completing AI FactSheets. Consistent with past research [22, 62, 79, 107], participants were often
denied access to vendors’ Al models (e.g., model weights) and training datasets. Additional denied requests included
information about the presence of copyrighted content in training data [P3, P5], whether city data would be used to
train vendor’s models [P1, P17], and disaggregated accuracy measures, e.g., across demographic groups [P2, P7, P10].

While bad vendor behavior could serve as an informative signal when making purchasing decisions, relational
challenges still arose for procurements that were already under-contract. Past procurements were important to consider
given the prevalence of vendors’ “scope creep” [111] that introduced Al under existing contracts. Also, many cities” Al
review processes were so new that they did not apply for most Al they already owned. Employees shared anecdotes
where Al vendors did not provide adequate personnel training [P4, P17], refused to give cities access to data collected
on city employees or residents [P2, P14, P15], and refused to let cities opt out of new Al features [P1, P17] or their data
being used for Al training [P5, P13, P16]. In some cases, cities responded by “shutting off” purchased services, such as a
city that stopped paying for Zoom because they were “uncomfortable with their Al notetaker”. Yet, several employees
discussed past procurements where they struggled to break ties with vendors. For instance, employees shared stories
where they struggled to disable Al features that were deeply embedded in necessary technical infrastructure, such as
new Al productivity features introduced into enterprise software [P1, P3, P5, P6, P11, P15].

More broadly, we observed that employees’ optimism about their city’s ability to hold vendors to account was shaped
by the decision-making leverage they held within their own city. When vendors failed to meet employees’ expectations
or presented them with take-it-or-leave-it scenarios, employees who felt they had the authority to influence purchasing
decisions felt comfortable walking away. For instance, Rebecca, an IT director, worked in a city that had passed a policy
requiring Al reviews as a necessary approval workflow. When an Al vendor told Rebecca that basic information about
their model’s performance was “proprietary” (an “unacceptable answer” according to city policy), Rebecca made the
decision on behalf of the city to not make the purchase. But in other cities, employees who oversaw cities’ Al review
processes lacked the decision-making power to influence final purchasing decisions. As a result, many Al procurements
where vendors failed to meet cities’ standards still ultimately moved forward.

Recommendations for future work. We found that many AI vendors refused to voluntarily comply with cities’ requests
to provide basic information or implement simple harm mitigation steps. This context of low compliance is critical
to consider in this moment of unprecedented attention targeting governments’ Al procurement practices. Several
interviewed employees expressed their frustration in having to advocate for basic ethical behaviors (e.g., transparency
about how the vendors would use resident data) that they felt should be minimum requirements to even be able to
participate in the market (e.g., enforced as consumer protection rights or federal data privacy legislation). These stories
call into question the hope implicit to initiatives that focus primarily on governments’ power as purchasers: that when
it comes to protecting the public interest, the market of public sector Al vendors will simply regulate itself.

When vendors failed to meet expectations, a variety of factors such as contract agreements or conflicting incentives
across government employees meant that procurements still moved forward. Future research efforts can more deeply

interrogate the role that legacy purchasing practices like contracts play in constraining cities’ negotiation power, and
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ways that cities might adopt their processes to address these issues head-on (e.g., by explicitly giving Al reviewers the

power to reject a proposed Al system due to its potential to cause harm).

5.3 Sharing (and assuming) ongoing responsibilities of Al governance

Procurement agreements create a unique type of accountability structure: local governments established to protect
public values must rely on third-party vendors to develop Al solutions. But the work of AI governance does not end
at development, or even deployment. Review and oversight of procured Al technologies requires labor and expertise
to conduct evaluations, respond to incidents, train users, and enforce compliance. In this section, we share cities’
experiences working with Al vendors to evaluate system performance to explore cities’ varying perspectives on
delegating Al governance work.

In our conversations, we found that vendors often did not provide performance evaluations after deployment. In
response, some participants [P7, P10, P15, P18] evaluated models “on their own”. For example, Hana’s department
sought to monitor the effectiveness of a procured gunshot detection Al system to ensure it “was continuing to be
effective and meet the needs of the city”. However, the vendor neither shared performance evaluations nor offered
guidance on how to assess the system. As a result, Hana and her colleagues had to “develop their own metrics” and
monitor performance themselves. Some employees embraced the opportunity to conduct independent evaluations.
Hugo, for example, valued the city’s ability to shape evaluation criteria both as a safeguard against vendor’s selective
reporting and as an opportunity to strengthen local AI expertise. However, not all employees conducted their own
evaluations of procured Al systems, and many participants [P2, P3, P4, P5, P8, P13, P17] believed that conducting
performance monitoring and audits should be the responsibility of the vendor.

Considering performance evaluation as a case study reveals several insights for understanding how cities and vendors
can share responsibilities of Al governance at large. Employees pointed out how conflicting incentives (e.g., companies’
unwillingness to report unfavorable results) might actually dis-incentivize vendors from fully participating in activities
of governance - in this case, evaluating system efficacy. While employees who took ownership of doing evaluation work
often found it to be an rewarding opportunity to promote the best interests of their city, other employees expressed
hesitancy in their ability and capacity to do Al governance work.

Recommendations for future work. To date, there is a lack of guidance on how the ongoing responsibilities of Al
governance should be shared between cities versus vendors. Although several city employees expressed concerns about
their capacity, we believe that most Al governance activities are best performed by government employees, who are
better positioned to represent the needs of city employees and residents throughout this process (e.g., in defining what
is most important to measure [58]). We join past work in arguing that internal capacity-building is also critical for
establishing robust systems of internal accountability and ownership over procured Al [41, 94]. Thus, future research
can expand on existing tools and processes to support governments in various aspects of Al governance, e.g., training
users of Al systems [63] and evaluating system performance [68]. To be effective, interventions should be developed
with both the unique context and constraints of procurement in mind, such as employees’ non-technical expertise and

capacity, as well as constraints employees face in accessing vendors’ “proprietary” Al models [24].

6 Conclusion

In this paper, we explore how cities’ varying legacy procurement practices shape how public sector Al technologies are
selected, assessed, and governed on the ground. We show how cities’ ability to implement Al governance initiatives that

prioritize ethical considerations is heavily shaped by the existing procurement infrastructure and power structures that
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facilitate (or prohibit) cross-organizational oversight over different types of acquisitions. Understanding these present
organizational realities of how Al procurement unfolds is a critical first step towards re-imagining interventions that
both acknowledge and address governments’ longstanding purchasing practices head-on.

While government employees are still in early stages of adapting their Al procurement practices, our conversations
reveal a deeply concerning trend: many Al vendors are not cooperating with employees’ efforts to understand and
mitigate Al harms. The implications of vendors’ non-compliance for the rights and freedoms of vulnerable communities
cannot be understated as local, state, and federal governments increasingly outsource the critical work of governance
to third-party Al systems [18, 55, 71, 79]. Research to support cities in navigating these power differentials, e.g., by
conducting their own evaluations or renegotiating existing contracts, is urgently needed. Finally, we encourage the FAccT
community to reflect on what intervening within the structures of public procurement affords, and its limitations as a
remedy for algorithmic accountability. Our study prompts us to ask: what types of reforms to cities’ legacy purchasing
processes might the FAccT community advocate for? What happens when cities’ negotiations with Al vendors fail to
be successful? When might we look towards other approaches, such as direct regulation of Al vendors [60, 115], to

protect the public interest?
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7 Endmatter Statements
7.1 Ethical Considerations

To preserve anonymity of participating employees and cities, we assured interviewees that their participation was
voluntary, they could decline to answer interviewer questions, and their responses would be kept anonymous. For sen-
sitive or potentially identifying interview quotes, we exclude participant IDs to preserve anonymity. When appropriate,
we use the “x” character to omit exact dollar amounts to preserve confidentiality. To mitigate the risk that participating

cities are identified, we limit the amount of detail we provide about cities’ practices.
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A Defining “procurement”

All the definitions of "public procurement” that we reviewed encountered share fundamental similarities: they all
concern the process of bringing in goods and services that are developed externally, to achieve the goals of a public
sector entity. They differ, however, in specific components of the process. For example, while the United States’ federal
definition emphasizes a “competitive” purchasing process, denoting the exchange of money as part of procurement,
some local governments, like New York City, have definitions that are broader, encompassing all functions related to
obtaining goods and services whether or not money changes hands [14, 82].

In this paper, we do not adopt a single definition of public procurement, as methodologically we chose to leave such
distinctions to our interviewees who were encouraged to discuss whatever processes and components they personally
and professionally associated with public procurement. Given the broader diversity of the term, as would be expected,
we observed differences across municipalities in what types of acquisitions and activities participants deemed to fall
under the umbrella of "procurement". For example, procurement departments often did not oversee governments’

acquisition and use of free technologies, which we discuss further in Section 4.2.
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B Cities’ Al Use Cases

Table 2 groups examples of Al adopted by municipalities into five categories based on their intended usage. In our
discussions, employees in each city shared at least one example that they were aware of belonging to one of these five
categories.

Interestingly, not all of the employees that we interviewed were aware that other employees in their city had already
procured or adopted Al technologies: for example, one city employee stated that to their knowledge, their city “has

never purchased anything Al related", whereas their colleagues stated that the city in fact has.

Type of Al technology Examples
Facilitating resident communication Translation services, chatbots, 311 assistance, public meeting summaries
Law enforcement License plate readers, gunshot detection, object detection
Smart cities/urban planning Sensors to track service utilization, accident tracking, snow plow routing
Assisting bureaucratic decision-making Funding allocation, service allocation, school bus routing
Workplace productivity tools Chatbots, image generation, voice generation, coding assistants

Table 2. We grouped the Al systems that municipal employees discussed procuring or adopting in interviews, into 5 categories based
on their intended usage. We provide anonymized examples of types of Al systems that were mentioned in each category. Employees
in each city shared at least one example that they were aware of belonging to one of these five categories.
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C Cities’ emerging Al governance practices (extended)

In this section, we present an extended description of interviewed governments’ emerging Al governance practices. We
do not provide exact descriptions to preserve the anonymity of participating cities, and instead aim to pull out broad

trends across cities.

Al risk or impact assessments. Participants conducted additional risk or impact assessments to better understand
the possible positive or negative impacts of procured Al systems. While some cities conducted such assessments in an
informal or ad-hoc way, others had started to standardize assessment processes by creating assessment templates with
lists of questions and considerations. Different cities also conducted risk or impact assessments at different phases of
the procurement process: some assessment instruments could be completed based on a "purpose statement" for Al,
before a specific vendor or Al system is identified. In contrast, other risk assessments can only be completed once a
concrete system has been identified, e.g., they require knowledge of the system’s performance.

The role and purpose of these assessments varied across interviewed cities. In many cities, the risk assessment had
no immediate outcome, but employees were encouraged to take action to manage and if possible, mitigate potential
risks identified in the process. Beyond informing mitigation steps, some participants also used risk assessments to
triage Al solutions into "high" or "low" risk categories, which then determined subsequent requirements for review
and oversight. For example, one city required high-risk AI to have additional reporting requirements, further risk
assessment, usage protocols, and regular post-deployment monitoring. Participants viewed risk triaging as a way to
reduce reviewing burden and better allocate their limited technical expertise. One participant who conducted AI risk

assessments explained:

"[When triaging risk], we’re just trying to get a sense of how thorough a review we need to do, because
we’re working with very limited capacity and resources. So we’ve got to decide: is this a low-risk
system that we can just do a really quick look at? Or is this going to be something really sensitive and

safety-impacting, rights-impacting, that we need to dedicate a lot of our time to?"

Participants also noted how risk triaging was also time-saving for their colleagues on the other end trying to purchase

the Al as put by one employee: "If it’s low risk, I'll approve it, and you’ll be on your way tomorrow!"

Practice vs. policy? In many cities, employees made changes to their procurement practices simply by adjusting
their existing practices, e.g., by electing to include vendor reporting requirements in an AI RFP. Some cities decided to
make these changes in their practices more formal or mandatory for vendors or city employees, by adopting policies
or passing laws that required them. For example, Rebecca, an IT department leader walked through how their city’s
formal AI policy spelled out mandatory steps, such as a risk assessment, that city employees must complete for any Al
procurement. The participant viewed the policy, which was passed by their city council, as an "accountability trigger"

to incentivise compliance for both colleagues and vendors:

"Council adopted the policy. So you can’t just say no. I'm going to have some leverage to say, we can’t
just say we're not going to do this. [...] [The policy] is really meant to be a way to say the city is going

to be taking this on, these are our values."

Participants in another city shared that while ideally someday they would like to institutionalize their practices via a

formal policy, at the time of interviewing, they did not yet have one:
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"We very intentionally have not put out a [formal] Al policy yet, because we wanted more [community
and government] input on it. And the space, especially in 2023, was very new for us. So we wanted to

get a better understanding before asking our leadership to pass a policy"

This city has since adopted a formal Al policy following engagement with the community, experts, and agency staff.
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D Interview Protocol

We began the interview by reminding the participant of our informed consent protocol (approved by our institution’s

IRB board), and asking for their consent to record.

Introduction. The goal of this interview is to learn more about existing procurement practices specifically for artificial
intelligence, or Al, technologies in your city. We adopt a wide definition of Al as "any machine-based system that can
make predictions, recommendations, or decisions". This would include technologies such as facial recognition, gunshot
recognition technology, resume screening technology, ChatGPT, etc.

Our goal is not to assess your practices, but rather to identify needs and opportunities for researchers as partners to
support US cities.

Q1.1: Can you tell me a bit about your current role, and any past work experiences or responsibilities relating to
artificial intelligence?

Q1.2: Have you ever been involved in a past procurement of an artificial intelligence technology?

e If YES: How were you involved?

e If NO: Has your [agency] ever considered or talked about procuring AI?

Walk-through. The goal is to understand how a "typical" Al procurement occurs in the city. Our goal is not to impose
structure on the participant’s description, but rather allow them to describe how they personally view/understand the
procurement process.

If it doesn’t come up naturally, we can prompt them to reflect on specific parts of procurement, such as (1) Planning,
(2) RFP writing, (3) Evaluating Vendors, (4) Contracting, (5) Designing/Building/Evaluating the Al and (6) Deployment,
and (7) Post-deployment.

0Q2.1., Walkthrough. Can you briefly walk us through how a typical procurement involving an artificial intelligence
technology would occur in your city? We’re specifically interested in understanding any difference between a standard

technology procurement, vs. a procurement involving AL

o Ifnever procured Al e.g., imagine your city is considering procuring an enterprise-level generative Al product,

like a chatbot to screen 311 questions.

Drill-down prompts on specific parts of the procurement process:

Planning (Problem Formulation):

(1) What does your city do to plan for the procurement before the RFP (request for proposal) writing stage?

(2) (if not covered) Pre-RFP, how does the agency identify that an Al tool might be a part of the solution (rather
than a tool that does not use Al)?

(3) (if not covered) Do you have a process for evaluating the risks of a proposed Al technology before RFP writing?

e If YES: What about potential mitigation processes for these risks?
REPs:

(1) Is there anything different in the content of the RFP for Al procurements, compared to standard technology
procurements that do not involve AI?

(2) (if not covered) In the RFP, do you ask vendors questions about potential risks and mitigation strategies?

Evaluating Proposals:
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(1) How does your city evaluate proposed Al solutions? We are especially interested in differences between
evaluating standard technology vs. Al proposals.

(2) (if not covered) What information do you ask vendors to report in their proposal? Do you ever encounter "trade
secrecy” claims?

(3) (if not covered) What measures do you expect them to report? Do they validate that the technology works as

claimed using data from your city?
Contracting:

(1) Are there any differences in the contracting process for Al vs. non-Al (standard technology) technologies?
(2) Are there specific terms and conditions that you include in AI contracts?

(3) Can you share a past contract for an Al technology with us?
Al Design, Development, and Evaluation:

(1) How are people from your city involved with the design, development and evaluation of Al technologies under
contract?
o If YES: How were you involved? What type of feedback did you give?
(2) How often do vendors make changes to their technologies (like updating or improving it using data from your
city) before they are deployed?
(3) How do vendors evaluate the Al solution they have designed and developed to make sure it fits your use case?
e Do they use data from your municipality for evaluation?

e What kind of measures do they look at and report to you?
Al Deployment:

(1) How often do vendors (or the city) provide training or onboarding for people who will be using the AI?

(2) How are agency workers involved in deciding the way the Al is used in their everyday practice?
Post-deployment:

(1) How do you oversee and monitor deployed Al technologies?
e What is the vendors’ responsibility?

e What if something goes wrong? (liability)

Q2.3 (if unclear) Can you remind me of who in your city is involved or oversees each phase of this procurement
process?
Q2.4 (if unclear) Do you believe the process that we just went through together is representative of most Al
procurements in your city (if relevant: beyond that specific example)?
Q2.5. Are there any existing policies in place that target the procurement of Al technologies specifically?
e IfYES:
— Can you share your city’s policies/guidelines with us?

— How long have these policies been in place?
e IfNO:

— Is this something you anticipate being developed in the near future, or something that has been discussed?

Q2.6. Can you direct us to your city’s general procurement policies that may be applicable to Al technologies? e.g.,

such as data privacy policies?
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Q2.7. Are there any Al technologies that come to be used through processes outside of the traditional procurement

process? (e.g., research partnerships, foundations, donations, or free tools?)

e Do these technologies undergo a similar "vetting" process to procured technologies?
— Do similar people evaluate these proposals?

— Do similar people oversee or monitor their deployment?
0Q2.8. Does your city consider opportunities to engage with residents who may be affected by an Al tool during the

procurement process?

Challenges & Desires. The goal is to understand the participant’s needs and desires to improve the procurement process.
For the last part of our interview, we’d like to understand your opinions and wishes for improving Al procurement.

Q3.1. What do you believe are the main challenges or "pain points" for Al procurement in your city?

e Do you have any suggestions as to how cities could improve their procurement of AI?

o (if relevant) Do you have any examples where [this challenge] happened in the past?
Q3.2. Can you imagine any new resources that could help you address these challenges?

e What resource format would be most helpful? ex: Checklists? Templates? Trainings?
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